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Abstract---As we know that when we use the colour bands that are
pure in nature it will help some of the public authorities to update the
land information. It will be a sensing platform so it will take less time
and the cost we will be spending will not be much heavy, in that
manner aircraft system will be used that should be unmanned. Here
we will be using a method for optical aerial imagery that will come
under land use classification with decision tree. In the beginning the
ownership parcel map will come under play for taking the land cover
information through maximum likelihood classifier. Then, to make the
relation between land usage and land coverage we will generate the
decision tree. A well structured parcel map will be produced by the
merits of geographical characteristics of parcels. Hence the aftereffects
of the spatial resolution under the classification approach will be
discussed completely by sampling them again from the 20 then 50
then 100cm. This land use can be widely used in landscape and
urban planning because of the flexible classification method. Using
aerial images the object oriented approach for image based analysis is
used for urban land cover mapping. The investigation of the image
classification and segmentation will occur due to analytical hierarchy
process. The fuzzy classification helps in the built up as high or low as
well as for the roads and grasslands because these are the land cover
typesfor the segmentation of image.
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Introduction

The system consists of roads, parks, public areas, agricultural land and high, low,
medium density areas. The parcel type of land use was distinguished by Google
Maps. Then we will use SPSS i.e. a software for statistical approach under which
different decision trees were obtained. Thelength and the probability of parcels as
well as the area of the parcel will help the decision tree.The growing up method
for the procedure will be used for detecting the data. Optical aerial imagery helps
in the classification approach for land usage,which comes under ownership parcel
map having the bands in the colour green,red and blue. The resampling for the
aerial imagery will be done under the scale of 20 to 50cm and then from 50 to
100cm. To check the effects of spatial resolution we will generate the images for
land classification. As we are using the unmanned vehicles in the optical images
so that it can become cost efficient we will need the colour bands of green, red
and blue.So teranet will be proving the parcels that comes under the ownership
for classification and segmentation of the land. The table does not provides the
attributes in data parcel. The geometric figures and the parcels will be used to
gather the information. The few advantages of this system is that it can tolerate
variations as well as it is not difficult to see what is impacted. It improves the
operational efficiency and quality and consistency of the data. It can be further
adopted for better predictions in industrial applications.

Related Work

By establishing the framework for deep learning it has used an unsupervised
technique for land cover management. The Accuracy that we will be getting under
this will be around 89% when trained with image patches for hybrid. Even if we
use the transfer learning approach under the dual polarizing data it will be
providing us 86% as an accuracy. The data sets that we will be using will be
validated with SAR images. The comparison can be shown between dual
polarizing as well as hybrid data and the artistic techniques that shows the
results with the performance that counts.The further scope will be for class
segmentation, segregation of the mixed classes is yet to be explored. There were
few drawbacks in the existing system that were big payloads as well as problems
existing in their respective network structures.Hence this system isOpportunistic
and uncontrollable andCannot restrain behaviour pattern incomplex systems. It
further showsHigh complexity, inaccuracy, and inadequacy.

Software and Hardware Requirements

The processor we need for the hardware should be minimum i3 dual core. Then
the wifi connection that would be suitable or the LAN. The space should be
minimum 100GB and more will be recommended. At lastthe RAM should be
minimum 8GB and above that around 32GB can be recommended.

Software Requirements
Python

Anaconda

Jupiter Notebook
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Algorithm Used
Maximum likelihood Estimation

When we are provided with the data the parameters will get established and that
will be called as maximum likelihood classifier. The observed data will be more
accurate as we maximize the function likelihood under the statics approach.
The likelihood estimate is the point in space that defines the parameter
accuracy. The logic for the algorithm is so dominant that for the statics
interference that it becomes flexible and even sometimes intuitive.We can prove
the maxima function if the function for the likelihood differs for each case; we can
solve the first order conditions explicitly for some of the cases, for instance,
the linear regression model has minimum squares that estimates the given
conditions. For manycircumstances, anyhow, for the likelihood function to
maximize some of the methods will be a necessity to take. The optimization
techniques required for the local minima value cannot be complex under the
likelihood approach.The distributions of various parameters will be used under
maximum priori from a given point. The function used as an objective under as a
special case will be MLE.The parametric model value will be defined by maximum
likelihood classifier. Afterwards the observation is done to produce the model
under the classifier so that it helps in getting the value ready.Now we will be giving
an example so that everyone can easily understand the definition with ease. For
the data generation which model will be the best suitable we will have to figure
that out. As we know the importance that this part holds with it. The model that
we will be using in this should be the one about which we have some idea. There is
something called as the expert opinion in the domain but we will avoid that for
now.The gaussian distribution will be the one that will be derived for the data
generating process hence we can assume it effectively. As we know that scattering
will take place in this so for most of the points it will be changing its position
between left, middle and right as this will be used as a method for inspection
visually. (For now as I have got the data for the process the decision will be taken
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with only the referring points and the foremost thing is that will not be an
advisable thing to do).There are only two parameters in the gaussian distribution.
As they are standard deviation and the mean calculated. Different curves will be
formed that comes under the parameters for different values (as the straight lines
that we are using in this). The data points that we observed was from which curve
that is the thing we want to observe. The curve that fits the best for the data will
be found by the estimated values that are occurring for mean and the deviation for
that the maximum likelihood classifier comes into play.

Modules
Module 1: Data Collection and Pre-processing

For the analysis we will need the data for the same under the mining techniques
that will be the first step. Then the data will be fetched so we will require the
cleaned data that will be the initial step and it will play a important role. The
technique in mining is to consider the collection of the data that will be the
important step in transformationof the data. Normally, downloaded dataset have
inappropriate structure, loud in noise and the data that is not relevant. The pre-
processing of data is the phase in which we go through the suitable data for
analysis and mining of patterns. The reduction of the size of the data and
enhancing its quality comes under data processing.

Module 2: Feature Selection and Feature Extraction

So for reduction of over usage and complexity the key is to use the extraction and
selection techniques in the feature analysis. The most important feature used for
the machine learning model is to reduce its dimensions. The features that are not
at all relevant will give errors because of the noise here is feature selection comes
into play where it will be reducing the complexity of the feature analysis. For
creating a new subspace for the features from the original we will be using the
extraction technique for feature extraction. To keep the information updated we
will have to reduce the data as that will be the basic idea behind extraction. After
that what feature selection does is it will minimize the complicated model
structure, overfitting of the model and will improve the effectiveness hence will
reduce the errors. All this will be done under the feature selection technique.

Module 3: Train the Model

So to evaluate the algorithm performance we will split the data and will create a
train so that the execution takes lesser time. To prepare a model and to for
training purpose the training dataset comes under play. The final values will be
withheld with the system if we are pretending that we will be testing the data. To
compare the found values with the final value the inputs will be provided by the
testing data and hence we can gather trained model with prediction. The testing
data should be allowed to enhance its performance and it will be done by
comparing the values taken and the values predicted. If there is present a data
that we are not able to see then the trained algorithm that will estimate the skill
will be used. A data on which we are making all the predictions is nothing but the
final model in machine learning. So the dataset to get passed we need to get
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several functions ready that will be effective in training the model. The two
functions will be used one after the other: First, the random initiating of the
models under the several parameters are checked. Then, we will be checking that
how much the model has scored. If score comes out to be below than what is
expected (because of the iterations done before), we will repeat the process as the
parameters of the models are checked.

Conclusion

In the proposed system, we have tested the conclusion of land cover following the
intermediate results the land use effects occurring due to resolution factor has
been studied. With help of the algorithm that we have used in the project the data
will be issued for the land coverage by the help of optical aerial imagery using the
different bands. Then, to enhance the results of land cover algorithm data was
employed under the parcel map. Without disturbing the base objects on groundit
will sort the objects present on the ground per time. Meantime, the merit for the
ground objects is that it will use the segmentation part in an optimal format. With
the use of this method the classification will be completely within the given time.

Future Work

In Future we like to implement Land Cover Reconstruction using Quantum
Computing.
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