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Abstract---Face recognition technology has gotten a lot of press 

because of its wide range of applications and market possibilities. It is 

used in a variety of fields, including security systems, digital video 

processing, and other technical advancements. Additionally, music is 

a form of art that is believed to have a stronger emotional connection 

It has a special power to improve one's mood. This research focuses 
on developing an effective music recommendation system that 

employs Facial Recognition algorithms to assess the user's sentiment. 

The constructed algorithm would prove to be more effective than 

previous systems. Furthermore, on a wider scale, this would allow for 

the recovery of time and labour spent physically performing the 
process. The system's overall goal is to recognise facial emotion and 

quickly recommend tunes. Both time and money will be saved with 

the proposed system. 

 

Keywords---recognition, artificial intelligence, openCV application. 

 
 

Introduction  

 

Artificial intelligence is a vast, influential, and critical topic that has drawn a large 

number of researchers and programmes in recent years. This particular domain 
has quickly taken over the entire world.  Chatbots, digital assistants like Siri, and 

a variety of other technology-based systems are all part of everyday life. Face 

recognition algorithms are one of artificial intelligence's most renowned 

capabilities. The most basic example of its application is the grouping of a certain 

person's Google Photos. Many technologies already exist that can recognise facial 

expressions. On the other hand, there exist music recommendation systems. The 
general aim outlined in the article is to bring together a system that would 

recommend music by understanding the user's mood from facial emotions. In the 
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near future, emotion recognition could be used in domains like robotics for 

effective emotive analysis without the need for another human. 

 

Related work  
 

To successfully group human feelings, a number approaches have been presented 

and adopted. The majority of the techniques focused on seven universal 

sensations that transcend age, culture, and character. Describes the benefits of 

utilising OpenCV, particularly the Adaboost algorithm, in the face recognition 

process. A combination of a specific algorithm and the AdaBoost algorithm can be 
used to detect and recognise faces in complex colour photographs. It also 

discusses the drawbacks of utilising a timeframe for facial detection. To arrange 

eight facial feelings, the author proposes using Support Vector Machines (SVM) as 

the major characterization technique. Faces were identified using OpenCV 

channels and then converted to Greyscale. The research also discusses robotized 
constant coding of external appearances in nonstop video leaking, which is useful 

for applications that accept frontal viewpoints via webcam. The developer 

provided a formula for generating a subset of a custom playlist or a unique 

playlist based on the emotion felt. The image to be created was taken with a 

webcam or directly from the hard circle. The image is subjected to enhancements, 

which include a number of mapping and upgrade operations to reestablish the 
image's required distinctiveness. To encourage multi-class characterisation, the 

"one versus all" technique of SVM is used to preserve preparation and 

organization. Advocates for the use of deep convolutional neural networks. It 

relies on reliable facial recognition convolutional networks that can be fine-tuned 

to perform the feeling recognition task. For enhanced face recognition, sound 
highlights are added to visual models. Contributes to the music suggestion 

framework, which is also an important component of the suggested framework. It 

talks about removing highlights from the music to characterise its mood. The 

paper shows how to interpret the state of mind of the music piece using Thayer's 

model of mind-sets. The edge level of a piece of music is resolved, and the emotion 

it evokes is sensed by prepared brain circuits. 
 

Methodolgy  

 

The suggested technique is capable of combating big posture variations when 

compared to other algorithms employed in earlier systems. Large pose 
fluctuations can cause pre-existing algorithms to break down. Standard picture 

input format is used to reduce this. Few systems identify faces first, then detect 

them. Other algorithms, on the other hand, rarely recognise and locate faces at 

the same time. Every face detection method follows a similar pattern. To begin, 

establish a response time, and then execute data dimensioning. Several 

algorithms that focus on data dimension collect facial measures and then react to 
particular relevant facial regions. The proposed algorithm's benefits The 

advantage of using a static image over the flaw of pose fluctuations is significant. 

The existence of identifying components such as spectacles or a beard, the quality 

of static photos, and unidentifiable facial gestures are the three most common 

issues. Extraction of Face Features Pictures are described as consolidated 
weighted eigen vectors known as "Eigenfaces." The comparability of pixels among 
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photographs using methods for their covariance network is one of Eigen faces' 

focal points. 

 
The methods for perceiving exterior appearances using this method are as follows: 

 

The Eigenfaces method 

 

Eigenfaces is a face identification and detection approach that works by 

identifying the variance of faces in a collection of face photos and using those 
variances to encode and decode a face in a machine learning way without needing 

all of the information, minimizing compute and space complexity. A set of 

eigenfaces can be created by applying principal component analysis (PCA) to a 

large number of photos displaying various human faces. Eigenfaces are a set of 

"standardised face constituents" produced from statistical analysis of a large 
number of face photographs. Any human face can be thought of as a mix of these 

standard features. For example, a person's face could be made up of the average 

face plus 10% from eigenface 1, 55% from eigenface 2, and even 3% from 

eigenface 3. The generated eigenfaces will look as light and dark regions grouped 

in a specified pattern. This pattern describes how distinct aspects of a face are 

identified and graded. A pattern will be used to assess symmetry, facial hair style, 
the location of the hairline, and the size of the nose and mouth. Other eigenfaces 

have patterns that are more difficult to recognise, and the eigenface's appearance 

may not resemble a face at all. 

 

Eigen Facial Expressions 
 

Not every feature of the face is significant for recognising emotions. This crucial 

data is regarded as significant and beneficial. Face recognition approaches 

concentrate on identifying the eyes, nose, cheek, and forehead, as well as how 

they change in relation to one another. Overall, the places with the greatest 

changes are addressed, as are areas with high variability statistically. When 
several faces are compared, certain regions of the faces are detected because they 

are the most useful and vital elements of the face. They have a proclivity for 

catching the most subtle changes in faces, particularly those that assist 

distinguish one face from another. The Eigen Faces face recognizer operates like 

this. 
 

System architechure 

 

 
Figure 1. Block Diagram 
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To recognise a face from a static image, the recommended framework must first 

be constructed. The image is processed once the information picture has been 

perceived. The image is subjected to SVM classifiers to detect differences in the 

facial expression. To recognise a face from a static image, the recommended 
framework must first be constructed. The image is processed once the 

information picture has been perceived. The image is subjected to SVM classifiers 

to detect differences in the facial expression. The music are saved according to the 

recognised mood. When the emotion recognizer reports the mood, the music 

player plays tracks that match the mood.  

 
Identification of modules 

 

Face Recognition and Detection: Facial expressions are important indicators of a 

person's emotional state. In this section, we'll look at how to analyse photos of 

human faces in order to recognise the emotions they contain. Face recognition is 
done using a variety of algorithms. To detect the face in the image, we're using 

OpenCV. To recognise the face, the Eigenfaces algorithm is employed. Local 

Binary Patterns, Direct Cosines Transform, and Gabor Wavelets are the 

techniques used to extract local features. As the ideal eigenface, the most notable 

Eigenvalues of the Eigenvector will be chosen to express gradually trademark 

highlights of the specific chosen face. Most notable Eigenfaces with low 
Eigenvalues might be removed because they only coordinated a small portion of 

the countenances' distinguishing highlights. 

 

 
Figure 2. Explanation of Module 

 

Featured Music: Music can be recommended based on the album and artist 

information that is available. Another approach to categorise moods is by pitch 

and rhythm. Unfortunately, this will result in predictable advice. For example, 

recommending songs based on artists the user is known to appreciate isn't very 
useful. The application of Neural Networks has become increasingly popular as 

methods have advanced.  The melodies in each class are organised using an 

Artificial Neural Network (ANN). The Million Song Dataset provided by Kaggle was 

used to build the model. Two records make up the data: a metadata document 

and a triplet document. The title, song id, artist name, and release by are all 
included in the metadat file. User id, song id, and listen time are all stored in 

thetriplet file.  
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Figure 3. The suggested system's flow diagram 

 

Conclusion and Future Enhancement 

 

This paper proposes a basic system for music recommendation based on face 

expression recognition. It generates music recommendations based on a person's 
facial expressions: joyful, angry, astonished, and neutral. More upgrades and 

improvements are possible. Because each element set is asymmetrical, gradually 

effective approaches to incorporate various highlights and functionality should be 

investigated in every situations. It is also clear that the data gathering used to 

construct the grouping model should be improved further to increase the 

arrangement framework's accuracy. 
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